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Analytics Business Maturity Model

As | stated earlier, Big Data Analytics is a journey and can be implemented using
a number of iterative phases, each advancing the capability via well-defined yet
small steps to reduce risk. The Information Agenda team has observed a large
number of analytics programs worldwide and has developed a set of bench-
marks for analytics at different levels of maturity. These benchmarks have been
captured using a business maturity model that allows us to specify current and
target levels of maturity and what can be achieved in each phase. The model has
five levels of maturity:

Breakaway

Differentiating

Competitive

>

Foundational

p C

Adhoc

Breakaway—A company that is generally considered to be the
best in the class in its execution of key business strategies, able
to exhibit the characteristics of an agile, transformational, and
optimized organization. This classification excludes “bleeding-
edge” or pioneering aspects; however, these aspects may also
be evident in such companies. Key predictive performance
indicators are used in modeling for outcomes, and information
is utilized enterprise-wide for multidimensional decision
making.

Differentiating—A company whose execution of key business
strategies through utilization of information is viewed as
generally better than most other companies, creating a degree
of sustainable competitive advantage. Management has the
ability to adapt to business changes to a degree, as well as
measure business performance. Business leaders and users
have visibility to key information and metrics for effective
decision making.

Competitive—A company whose capabilities generally are in
line with the majority of similar companies, with a growing
ability to make decisions on how to create competitive
advantage. This maturity level is also the starting point to
establish some consistency in key business metrics across the
enterprise.

Foundational—A company whose capabilities to gather key
information generally lag behind the majority of its peers,
which could potentially result in a competitive disadvantage.
Information is not consistently available or utilized to make
enterprise-wide business decisions. A degree of manual efforts
to gather information is still required.
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ambassadors

Impact on Baseline Baseline Small Medium Large

Figure 6.1: Social media maturity model

* Ad hoc—A company that is just starting to develop the capability to
gather consistent information in key functional areas, generally falling
well behind other companies in the corresponding sector. Information
beyond basic reporting is not available. Time-consuming, manual efforts
are generally required to gather the information needed for day-to-day
business decisions.

This model is an important tool in developing an enterprise-wide analytics
roadmap. It allows us to specify specific capabilities developed in each phase,
compare them with others in the industry, and align metrics to each level, so that
the benefits can be identified using the metrics and can be quantified using either
benchmarks or company-specific information.

The business maturity model lets us rapidly quantify the benefits of an
analytics program. We have been tracking actual benefits using case studies and
using these benchmarks in roadmap development. The maturity models and their
underlying descriptions are industry-specific, as implementations and benefits
differ from one industry to the next.

Figure 6.1 shows an example of the maturity model applied to the capability
Monitor Brand Sentiment. At the Foundational level, the marketing organiza-
tion establishes a Facebook account, which is used by customers to express
sentiments; however, the sentiment information is not used in any way. At the
Competitive level, the organization establishes a mechanism for collecting,
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collating, and analyzing sentiment and tracking its value with the marketing
events. At this stage, the sentiment is measured but not actively managed.

Lisa Mancuso, SVP of Marketing for Fisher-Price, recently talked about
the company’s ambassador program in an interview with Forbes magazine.
“We know that more than two-thirds of mothers consider blogs to be a reliable
resource for parenting information, so we have created a robust program to
connect with parenting bloggers around the world. We call them our Play Ambas-
sadors.”®! Such programs, when actively integrated with social media accounts,
give organizations the capability to start differentiating themselves in their ability
to converse with the customers.

At the Breakaway level, sentiments from social media are linked to the
product and marketing processes. Sentiments are monitored in response to a
product launch, pricing, changes, or a new advertising campaign. The results
are directed to product and marketing processes to modify the product and its
marketing. Successful marketers would use social media as a channel to experi-
ment with different product options and use the feedback to launch the one with
the best customer response.



Chapter 7
Closing Thoughts

started this book with a definition of Big Data using the four V’s: Velocity,

\Volume, Variety, and Veracity. Big Data growth can be attributed to three
market forces: sophisticated consumers, product and process automation,
and data monetization. I discussed a number of emerging use cases, includ-
ing location-based services, micro-segmentation, next best action, Product
Knowledge Hub, Social Media Command Center, infrastructure and opera-
tion improvement, and risk management. The solution includes a number of
architecture components. Massively parallel platforms provide capabilities
for data integration, storage, and analytics. Unstructured text analytics
complements traditional quantitative modeling. Big data enhances the creation
of customer and product MDM. Real-time adaptive analytics provides high-
velocity analytics while changing its modeling parameters based on sophisticated
predictive modeling of historical data.

| discussed data privacy issues and how some of the data can be masked to
limit exposure. These components can be organized in a three-layer architecture,
with a conversation layer that uses real-time analytics to provide low-latency
decisions and an orchestration layer that synthesizes entities, controls the
conversation, and offers visibility to business users via a command center.
The supporting discovery is provided by unstructured and structured analysis.
Last, I discussed implementation approaches, data governance, roadmap develop-
ment, and maturity models.

By calling it “Big Data,” our attention obviously goes first to the volume
dimension. With data sizes in exabytes, the analytics requires special tools
capable of scaling to such big volumes. We saw how massively parallel
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platforms provided performance that naturally scales. The HDFS platform offers
inexpensive data storage but requires special skills to manipulate the data. Also,
as we collect more data, we increase our chances of improved identity resolution.

The velocity dimension forces us to establish an architecture where conversa-
tions can be intelligent and yet fast enough to handle the velocity requirements
for the use cases. Location-based campaigns and web searches are two examples
of capabilities that require low-latency response. Real-time adaptive analytics
provides a robust architecture to deal with low-latency analytics while at the
same time adjusting the models to accommodate changes based on historical
and predictive modeling. The orchestration layer allows us to converse intelli-
gently based on historical data, sophisticated models, and both unstructured
and structured discovery.

The variety dimension focuses on unstructured data. A number of qualita-
tive reasoning techniques can be used in conjunction with quantitative predictive
modeling to incorporate findings from the unstructured data in the predictive
models. In addition, qualitative reasoning in the context of time-based correla-
tions allows us to find a specific collection of events.

The veracity dimension focuses on data quality, governance, and privacy-
related issues. By incorporating a proper governance framework, we can identify
faulty data and discount it before creating predictive models. The result is a
thorough cleanup of the data before it is used in a critical customer-facing
situation.

We looked at a number of use cases. Use of Big Data has enormous poten-
tial in product selection, design, and engineering; however, this area is still in
its infancy. The most successful production applications are using Big Data to
improve infrastructure, monitor customer feedback through the Social Media
Command Center, and advance micro-segmentation and intelligent campaigns.

We discussed the Advanced Analytics Platform (AAP) as the overall integrat-
ed architecture that combines Big Data with traditional Business Intelligence and
Data Warehouse components. Most of the greenfield organizations are leapfrog-
ging using Big Data Analytics and have taken a revolutionary approach to their
analytics architecture. However, mature organizations with significant investment
in Bl and Data Warehousing are using more of an evolutionary approach to the
overall architecture, with a hybrid architecture that combines the traditional data
warehouse architecture with the newer Big Data capabilities.
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We posed three questions at the beginning of this book. Let us try to answer
them now using the material discussed in the book.

1. What is Big Data and what are others doing with it?
Chapters 1 and 2 provided a definition of Big Data in terms of velocity,
volume, variety, and veracity and discussed the popularity of Big Data
due to market forces. The use cases provided examples of how business-
es are using Big Data today.

2. How do we build a strategic plan for Big Data Analytics in response to
a management request?
Big Data Analytics is a multi-year, multi-phase journey. It is important
to have a strategic vision that aligns with industry direction and responds
well to the disruptive forces. It is also important to pick a target that
makes a substantial impact on the organization. However, it is equally
important to select short-term projects with short durations and measur-
able impact. Choosing areas closer to product engineering, operations,
or infrastructure will provide quick and early results. Privacy is a diffi-
cult topic that should be handled with care.

3. How does Big Data change our analytics organization and architecture?
The Big Data Analytics program does not work in a silo. Integration
with the current environment is probably the most difficult part of the
development activity. Care must be taken in establishing a strategic
architecture along the lines discussed in Chapter 5 and in experimenting
to see how an integrated architecture would support business processes
using a combination of Big Data and conventional analytics tools.

Big Data is still an emerging topic. However, it has already resulted in major
disruptions in many markets. In the world of analytics, it has changed how we
view BI. Unlike in the past, where operational information was collected in
the warehouse to be analyzed and researched over the long haul, current-day
technologies are bringing analytics closer to the conversation. It requires the
orchestration and conversation layers of the architecture in order to respond to
the velocity and volume of data.
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AAP Advanced Analytics Platform
BI Business Intelligence

BSS Business Support System

CCl Cognos Consumer Insight

CDR Call Detail Record

CSP Communications Service Provider
DMP Data Management Platform
DSP Demand Side Platform

DW Data Warehouse

ETL Extract Load Transform

HA High Availability

HDFS Hadoop Distributed File System
IPO Initial Public Offering

IVR Interactive Voice Response

KPI Key Performance Indicator

MDM Master Data Management

MPP Massively Parallel Platform

NBA Next Best Action

OLTP On-Line Transaction Processing
0SS Operations Support System

PII Personally Identifiable Information
PoS Point of Sale

SMP Symmetric Multi-Processing

SSP Supply Side Platform

STB Set Top Box

STP Straight Through Processing
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